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The ability to perceive spatial environments and locate oneself during navigation is crucial for the survival of animals. Mounting
evidence suggests a role of the medial prefrontal cortex (mPFC) in spatially related behaviors. However, the properties of mPFC spatial
encoding and how it is influenced by animal behavior are poorly defined. Here, we train the mice to perform 3 tasks differing in
working memory and reward-seeking: a delayed non-match to place (DNMTP) task, a passive alternation (PA) task, and a free-running
task. Single-unit recording in the mPFC shows that although individual mPFC neurons exhibit spatially selective firing, they do not
reliably represent the animal location. The population activity of mPFC neurons predicts the animal location. Notably, the population
coding of animal locations by the mPFC is modulated by animal behavior in that the coding accuracy is higher in tasks involved in
working memory and reward-seeking. This study reveals an approach whereby the mPFC encodes spatial positions and the behavioral
variables affecting it.
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Introduction
Animals need to locate themselves in the environment to
navigate safely, avoid predators, and forage for food. Per-
ception of spatial location not only is critical for survival
but also informs complex behaviors and high-level cogni-
tive processes (Buzsáki and Moser 2013). Spatial locations
can be represented by the firing of spatially tuned cells in
rodents, such as place cells in the hippocampus. Spatially
tuned cells are also present in human brains within the
hippocampus and its surrounding medial-temporal-lobe
areas (Ekstrom et al. 2003; Jacobs et al. 2013; Miller et al.
2013; Qasim et al. 2021).

Because the hippocampus is rich in spatial cells, it
contributes to tasks reliant on spatial navigation. The
medial prefrontal cortex (mPFC) has also been impli-
cated in spatial navigation. However, these 2 regions
focus on different aspects of spatial learning and mem-
ory. Although the hippocampus is required for spatial
learning, the mPFC is involved in goal-directed actions,
path planning, and strategy switching in spatial working
memory tasks (Morris et al. 1982; Poucet and Buhot 1994;
Ragozzino et al. 1999; Mumby et al. 2002; Hok et al. 2005;
Yang and Mailman 2018; Kaefer et al. 2020). For example,
lesioning or inactivating the hippocampus but not the
mPFC leads to learning impairments in the rodent Morris
water maze test; mPFC lesioning or inactivation impairs
spatial working memory but not working memory for

visual objects or long-term spatial memory (Morris et al.
1982; Granon and Poucet 1995; Kesner et al. 1996; Yoon
et al. 2008).

The mPFC in rodents is reciprocally connected to the
mediodorsal nucleus of the thalamus (Krettek and Price
1977; Groenewegen 1988). The dorsal part of the mPFC
comprises the frontal area 2 (Fr2) and dorsal anterior
cingulate area (ACd), whereas the ventral part of the
mPFC comprises prelimbic (PrL) and infralimbic (IL) areas
(Uylings et al. 2003). Since the ventral mPFC is innervated
by the ventral and intermediate hippocampus (Jay and
Witter 1991; Cenquizca and Swanson 2007), the mPFC
may represent animal location during spatial naviga-
tion as the hippocampus. This notion is supported by
the finding of spatially selective firing of mPFC neurons
(Jung et al. 1998; Spellman et al. 2015; Yang et al. 2014;
Yang and Mailman 2018, but see Gemmell et al. 2002;
Poucet 1997). However, unlike hippocampal place cells,
mPFC neurons do not have the same sort of precise
place fields or stable spatial firing rate maps, and the
firing pattern of mPFC neurons often correlates with
multiple features besides animal locations, such as goal
locations, previous choices, environmental context, and
task structures (Jung et al. 1998; Hok et al. 2005; de Saint
et al. 2010; Hyman et al. 2012; Spellman et al. 2015; Ma
et al. 2016). Moreover, mPFC neurons appear to exhibit
spatially selective firing only during a working memory
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task but not when animals simply search for randomly
placed foods or explore the environment (Poucet 1997;
Jung et al. 1998; Gemmell et al. 2002; Yang et al. 2014;
Spellman et al. 2015). The mPFC may also use population
activities to code the animal location. Indeed, it has been
reported that the population activity of mPFC neurons
occurring during coherent CA1-mPFC theta oscillations
can be used to decode the animal location during a
working memory task (Zielinski et al. 2019). It has yet to
be determined if population coding of animal location is
used specifically for working memory tasks and if it is
influenced by other information processing activities of
the brain during the task.

The goal of this study is to test whether working mem-
ory and reward influence the encoding of animal loca-
tion in the mPFC. To address this question, we interro-
gated the properties of spatial encoding in the mPFC
by recording mPFC neurons in several spatial tasks that
have different requirements for working memory and
reward-seeking. Our study shows that although individ-
ual mPFC neurons exhibit location-selective firing, their
spatial tuning curves are broad. The population activ-
ity of mPFC neurons encodes the animal location more
reliably. The accuracy of population coding is positively
influenced by working memory and reward-seeking.

Materials and methods
Animals
Male C57BL/6 mice were purchased from The Jackson
Laboratory. They were 8–12 weeks of age at first use. Mice
were kept under a 12-h light (9 PM–9 AM)/dark (9 AM–
9 PM) cycle. They were group-housed with littermates
before surgery and singly housed after implantation of
electrodes. Mice had ad libitum access to water and food
before behavioral training. Two days before the training,
mice were put under a water restriction protocol with
only 1-h access to water every day. Their body weight
was monitored daily to ensure it does not drop below
85% of the pre-water restriction baseline. All animal
procedures followed the US National Institutes of Health
Guidelines Using Animals in Intramural Research and
were approved by the National Institute of Mental Health
Animal Care and Use Committee.

Behavior
Behavioral training and testing were performed in a
T-maze made of matte gray plexiglass under white
light (70 lux). The maze was placed inside a grounded
Faraday cage. The maze had a 40-cm-long center arm
and two 35-cm-long branch arms. Each arm was 6-cm
wide and 15-cm tall. There were 3 doors in the T-maze:
The center door located 13-cm away from the end of
the center arm, and the left and right doors were at
the entrance of the left and right branch arms. There
was a water spout at the end of each branch arm. The
wall of the maze was decorated with visual cues. The
maze was fitted with infrared emitter and sensor pairs

to detect when animals entered each arm and poked the
water spout. The emitter and sensor pairs sent signals
to a NI-DAQ USB-6212 Device controlled by Labview
software (National Instruments, Austin, TX) to control
door opening and water delivery.

DNMTP task

The animals were trained for the delayed non-match to
place (DNMTP) task in 2 steps as described previously
(Fuchs et al. 2007). In step 1, animals were trained to
alternate the 2 branch arms to enter to receive water
rewards. The center arm of the T-maze was blocked.
Animals needed to alternate the water spouts in the 2
branch arms to poke to receive water rewards (∼15-μL
drops). This step lasted for 3 days with a 20-min session
on each day. All animals were able to receive water
rewards by the end of the third day. In step 2, animals
were trained to perform the DNMTP task. The DNMTP
task started with the sample phase that was followed by
the delay phase, then the test phase. At the beginning
of the sample phase, the animal was released from the
holding area and 1 of the 2 branch arms was randomly
selected to be open. The animal received water rewards if
it ran into the open arm and poked the water spout on the
wall. The animal had to return to the holding area after
getting the reward and be retained there for 10 s, which
was the delay phase. The delay phase was followed by the
test phase during which both branch arms were open.
Once the animal passed a point in a branch arm that
was 10-cm away from the intersection, the door to the
other branch arm was closed. The animal received water
rewards only if it entered the arm closed in the sample
phase and poked the water spout. The intertrial interval
was 40 s after the mouse made a correct choice in the test
phase and extended to 70 s following trials with a wrong
choice. We limited the maximum number of identical
sample arms in a row to 3. The mice were trained for
the DNMTP task for a 40-min session every day until
they made ≥85% correct choices in 3 consecutive days.
Recordings on the third day were used for the analysis
of correct-choice trials. For the analysis of wrong-choice
trials, 9 recording sessions on the third day for animals
who made wrong choice on this day and 2 sessions on
the second day for the animals who did not make wrong
choice on the third day were used. Only trials with correct
choice were analyzed if not specified.

PA task

In the PA task, only 1 branch arm and the center arm were
open. The open branch arm alternated between the right
and left arms. The animal was released from the holding
area into the open branch arm, received water rewards,
then returned to the holding area and was retained there
for 10 s. The recording session for the PA task was 20-
min long.
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Free-running

Animals run in the T-maze with water spouts blocked.
In the first 10 min, only the right door was closed, and
the animal explored the left and center arms. In the next
10 min, only the left door was closed, and the animal
explored the right and center arms.

Fabrication of micro-drive electrode array
Fabrication of the micro-drive electrode array is similar
as previously described (Zhang et al. 2016). A micro-drive
was assembled from 3D-printed parts, screws, and nuts.
Two nano-miniature connectors (Omnetics, Minneapolis,
MN) were attached to the micro-drive with epoxy glue.
Tetrodes were constructed from 4 twisted 19-μm Plat-
inum 10% Iridium wires (California Fine Wire, Grover
Beach, CA). A bundle of 16 tetrodes was attached to
the micro-drive. The tetrode bundle can be advanced by
turning the small screw on the micro-drive (∼320 μm per
turn). The impedance of each electrode measured after
assembling was ∼1 MΩ at 1 kHz.

Surgery
Mice were anesthetized with isoflurane (3% for induc-
tion and 1% for maintenance) and placed on a stereo-
taxic frame (David Kopf Instruments, Tujunga, CA). The
body temperature of the mouse was monitored and kept
constant with a small-animal thermoregulation device.
Craniotomies were made above the left or right mPFC
(AP 1.8 mm and ML 0.4 mm). The electrodes were low-
ered into the mPFC (DV 1.8 mm). The gaps between
the electrodes and craniotomies were filled with bone
wax. Two skull screws were placed over the cerebellum
and olfactory bulb to serve as ground and reference.
The micro-drive was secured on the skull with dental
cement. A piece of copper mesh was used to wrap the
entire micro-drive, shielding electrical noise as well as
protecting the micro-drive array from physical damage.
Animals were allowed to recover for 2 weeks before being
recorded.

In vivo recording
The nano-miniature connector was plugged into an
RHD2132 amplifier connected to an RHD2000 USB inter-
face board (Intan Technologies, Los Angeles, CA) through
an extended cable. Electrical signals were filtered to
obtain signals between 1 and 7,500 Hz, sampled and
digitized at 30 kHz by the amplifier, and recorded by
RHD2000 Interface software (Intan Technologies, Los
Angeles, CA). The tetrodes were manually advanced ∼40-
μm daily until more than half of the tetrodes detected
clear neural firings. Recordings were then made at
this location throughout the behavioral training and
testing period. After the first round of behavior tests
was completed, the tetrodes were further advanced for
at least 200 μm to detect a new population of neurons.
Mice with tetrodes no deeper than 2.4 mm after the final
advancement were recorded during the second round of
behavior testing. Animals were perfused and brains were

cut into 40-μm coronal sections with a cryostat to locate
the recording site after all experiments were completed.
Brain sections were stained with 0.5% cresyl violet and
then imaged with a Nikon A1R microscope in the Systems
Neuroscience Imaging Resource in the NIMH Intramural
Research Program.

Data analysis
Single-unit isolation

The Offline Sorter software (Plexon, Dallas, TX) was used
for spike detection and unit isolation. Spike sorting was
performed as reported (Gray et al. 1995; Csicsvari et al.
1998). Briefly, the wideband signals were low-cut-filtered
at 250 Hz. Putative waveforms passing a threshold of 3.5
noise sigma in at least 1 channel of the tetrode were
detected, then sorted into single-unit clusters. Wave-
forms were sorted manually in a 3-dimensional fea-
ture space reflecting principal components, amplitudes,
or energies of waveforms from the 4 channels of each
tetrode. Only units containing at least 100 spikes in each
session and having <0.4% of their spikes within the
2-ms refractory period were used for further analysis
(Wilber et al. 2017). Units with an average firing rate of
<15 Hz and a trough to peak waveform duration longer
than 400 μs were considered to be putative principal
cells (Frank et al. 2001). Neurons recorded in neighboring
days were manually tracked according to their relative
positions in a 3-dimensional feature space and then ver-
ified by computing similarities between the mean spike
waveforms (Emondi et al. 2004).

Firing rate map construction

Animal locations were extracted with Top Scan software
(Clever Sys, Reston, VA). The DNMTP trials were divided
into 8 segments (SLF, SLB, SRF, SRB, TLF, TLB, TRF, and
TRB) by task phase (S, sample phase and T, test phase),
the branch arm that the mouse entered (L, left arm and
R, right arm), and running direction (F, running forward
towards the water spout; B, running back to the holding
area). The PA and free-running trials were divided into
4 segments: LF (left forward), LB (left back), RF (right
forward), and RB (right back).

The firing rate maps were constructed for each seg-
ment separately. We first excluded areas in which the
animals regularly performed non-perambulatory behav-
iors (for example, drinking and grooming). These areas
were generally within 5 cm of the water spout and in
the holding area. Epochs during which the animal moved
<4 cm/s were also removed from all analyses. The linear
position of the mouse was measured as the distance in
centimeters along the track from the center door. The
trajectory was divided into 1.5-cm location bins, 45 bins
in total. The firing rate within each location bin was
calculated as the total number of spikes divided by the
total time spent at that location bin across the entire
session. The firing rate maps were smoothed with a
Gaussian kernel (sigma = 2 location bins, Ciupek et al.
2015; Kee et al. 2018).
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Population vector correlation

For each cell, all firing rates in the 2 segments to be
compared were normalized by dividing them by the max-
imum firing rate of the cell. The normalized firing rate
ranged from 0 to 1. Population vector in a certain loca-
tion bin was generated from the firing rates of all cells
in the bin. Pearson correlation coefficient between the
population vectors of 2 segments was calculated for each
location bin. The PVC for each segment pair was derived
by averaging PVC across all bins in the segment.

To calculate intersegment PVC, the recording session
containing multiple trials was randomly divided into 2
halves for 20 times. The firing rate map of each half
was constructed and PVC between the 2 halves was
calculated as intersegment PVC. The interbehavior PVC
was calculated by averaging all intersegment PVCs.

Spatial information content

Spatial information content was calculated by using the
previously reported formula (Skaggs et al. 1992):

spatial information bit per spike =
∑N

i=1
pi

λi

λ
log2

λi

λ

where i = 1, . . . , N represents location bin identification
number, pi is the probability of occupancy of bin i, λi is
the mean firing rate of bin i, and λ is the overall mean
firing rate of the cell in the maze.

Bayesian decoding

A Bayesian decoder (Mathis et al. 2012; Towse et al.
2014) was used to calculate the probability of the
animal’s presence in each location bin from the observed
spikes. Animal location was decoded from the posterior
probability matrix using a simple maximum likelihood
method. Each segment was decoded separately.

Neural spikes during mouse running were binned into
200-ms nonoverlapping temporal bins. The spikes gener-
ated by N place cells during a time window T was K = (k1,
. . . , ki, . . . , kN), where ki was the number of spikes fired by
the ith cell. The probability of observing K in time T given
location x was taken as:

P (K|x) =
∏

Poisson
(
ki, Tαi(x)

) =
∏N

i=1

(Tαi(x))ki

ki!
e−Tαi(x)

where x indexes the location bin defined in mouse tra-
jectory and αi(x) is the firing rate of the ith place cell at
position x, derived from firing rate maps. The firing rate
map was derived by using a cross-validation procedure,
which excludes the currently decoding trial from the
entire session.

Within each temporal bin, the animal location was
decoded to the location bin with the highest posterior
probability. Decoding performance was assessed from
the average decoding error across the whole session.
Decoding error was expressed as the absolute differ-
ence between the decoded position and true position.
To account for the temporal bin difference between the

pair of segments or behaviors to be compared, the data
set with more temporal bins were randomly resampled
to have the same number of temporal bins as the other
data set.

Data shuffling

The chance level of random spiking without relevance
to the location was determined for each mouse with
a random shuffling procedure. One thousand shuffles
were performed for each cell in the sample. For each
shuffled trial and each cell, the entire sequence of spikes
fired by the cell was time-shifted along the animal’s tra-
jectory with a random interval drawn uniformly between
0 and the total trial length, and the end of the trial
was wrapped to the beginning to allow for circular dis-
placements (Langston et al. 2010). A permutation test
was performed to compare original and shuffled data for
each session.

Experimental design and statistical analyses
Seven of the 9 animals implanted with micro-drive arrays
made ≥85% correct choices in 3 consecutive days and
they were included in electrophysiological recording. All
7 mice were used in the DNMTP task. Six animals main-
taining good quality of recording were advanced to the
PA task and the free-running task. In 4 animals, the elec-
trodes were advanced to a deeper location and recorded
again after being recorded in all 3 tasks. Thus, we have
11 sessions in DNMTP task, 10 sessions in PA task, and 10
sessions in the free-running task.

Sigma Plot software (Systat Software, Krakow, San Jose,
CA) and Matlab (MathWorks, Natick, MA) were used for
statistical analysis. When the data passed both normality
and equal variance tests, comparisons between 2 groups
were tested with 2-tailed, paired Student’s t-test, and
multi-group comparisons were conducted by using 1-
way repeated measures analysis of variance (ANOVA)
with post-hoc Bonferroni test. To compare 2 groups
that failed normality test, equal variance test, or both,
Wilcoxon signed-rank test was used. P < 0.05 was
considered statistically significant.

Data and code accessibility
Data were analyzed with built-in or custom-built Mat-
lab scripts. The Bayesian decoder Matlab scripts were
adopted from Ólafsdóttir et al. (2016). The custom-built
Matlab scripts and data are available upon request.

Results
The mPFC encodes animal location during a
working memory task
Information in the brain can be represented by single-
cells like hippocampal place cells, as well as by cell
populations, such as engrams for memory (Hartley et al.
2014; Josselyn and Tonegawa 2020). We analyzed mPFC
neurons at both the single-cell and population levels
using tetrode recording. The recording was conducted in
mice while they performed a DNMTP task in a T-maze, a

D
ow

nloaded from
 https://academ

ic.oup.com
/cercor/advance-article/doi/10.1093/cercor/bhac205/6588311 by guest on 20 M

ay 2022



Xiaoyu Ma et al. | 5

spatial working memory test in which spatially selective
firing of mPFC neurons has been detected (Spellman et al.
2015). The 2 branch arms of the T-maze were installed
with water spouts at the end and the initial portion of
the center arm was designated as a holding area. Access
to the branch arms and the holding area was controlled
by operating the entry doors. The DNMTP task consisted
of 3 phases: sample phase, delay phase, and test phase
(Fig. 1A). In the sample phase, the animal was released
from the holding area and a randomly selected branch
arm was open. The animal received water rewards if it
ran into the open branch arm and licked the water spout.
The animal returned to the holding area after receiving
rewards and was retained there for 10 s, which was the
delay phase. The delay phase was followed by the test
phase. Both branch arms were open in the test phase
and the animal received water rewards only if it entered
the arm closed in the sample phase and licked the water
spout. The intertrial interval was 40 s for trials that mice
made a correct choice in the test phase and 70 s for trials
with a wrong choice.

Seven of the 10 trained mice reached the behavioral
criterion within 10 days (Fig. 1C). The 3 underperformers
were excluded from further testing. The electrodes in 4 of
the 7 recorded mice were within 2 mm to the surface of
the cortex. They were advanced for at least an additional
200 μm after recording at their initial locations to reach
different groups of neurons. A distinct group of neurons
was recorded during each recording session. The final
positions of the electrode tips were shown in Supplemen-
tary Fig. 1. We recorded a total of 11 sessions in 7 mice
wherefrom 596 single units were isolated. Of the single
units, 541 were identified as putative principal neurons
and 55 as putative non-principal neurons by waveform
features. Since the small number of non-principal neu-
rons limited statistical power, our analysis was focused
on principal neurons.

To assess the relation between neural firing and
behavioral state, we divided each DNMTP trial into 8
segments (SLF, SLB, SRF, SRB, TLF, TLB, TRF, and TRB)
by task phase (S, sample phase; T, test phase), the
branch arm that the mouse entered (L, left arm; R,
right arm), and running direction (F, running forward
towards the water spout; B, running back to the holding
area). We constructed a firing rate map for each cell.
Some mPFC neurons showed location-selective firing
(Fig. 1D–F). To compare the same neuron’s firing rate
maps in different segments, we ordered all cells by their
peak firing positions in the SLF segment, then used
the obtained cell order to arrange cells for the TLF,
SRF, and SLB segments (Fig. 1F). The composite firing
rate map of each segment was distinct, suggesting that
the peak firing position of individual mPFC neurons is
variable across task segments. We further assessed this
variation by computing a population vector for each
location from all recorded principal cells’ firing rates.
The correlation of population vectors (PVC) between
segments with the same features (within-segment) was

0.51 ± 0.02, which was significantly above the chance
level obtained by shuffling the data to decouple neural
spiking from animal locations (the mean of shuffled
data, 0.24 ± 0.02; paired t-test, t10 = 18.58, P = 4.41 × 10−9;
n = 11 sessions; P < 0.001 for the permutation test of each
session). PVC between the “sample” and “task” segments
with same running directions and branch arms was
comparable to that for within-segment (1-way repeated
measures ANOVA, f = 131.65, P = 9.80 × 10−11; post-hoc
Bonferroni test, P = 0.11; n = 11 sessions; Fig. 1G and
H). PVC between forward and back segments was lower
than the within-segment PVC (post-hoc Bonferroni test,
P = 9.22 × 10−7; n = 11 sessions; Fig. 1G and H). Although
PVC between the left and right segments was comparable
to the within-segment PVC in the center arm (post-
hoc Bonferroni test, P = 0.54; n = 11 sessions; Fig. 1G
and H), it was reduced in the branch arm (post-hoc
Bonferroni test, P = 1.27 × 10−4; n = 11 sessions; Fig. 1G
and H). These findings suggest that animal location
and running direction affect mPFC neurons’ spiking
activities.

To further assess the spatially related activity of mPFC
neurons, we calculated the spatial information content
of each neuron as previously reported (Skaggs et al. 1992).
Although the spatial information content was compara-
ble between sample and test segments (Wilcoxon signed-
rank test, z = 0.48, P = 0.63, and n = 541 neurons; Fig. 1I)
and between left and right segments (Wilcoxon signed-
rank test, z = −1.43, P = 0.15, and n = 541 neurons; Fig. 1I),
it was higher in forward segments than in back segments
(Wilcoxon signed-rank test, z = −3.85, P = 1.19 × 10−4,
and n = 541 neurons; Fig. 1I). The mean firing rate was
comparable in all segments (Wilcoxon signed-rank test,
sample vs. test, z = −1.36, P = 0.17; left vs. right, z = 0.55,
P = 0.58; forward vs. back, z = 0.94, P = 0.35; and n = 541
neurons; Fig. 1J). These results indicate that mPFC neu-
ron spiking contains more spatial information during
running towards the water spout than during running
back to the holding area.

Although an individual mPFC neuron’s firing contains
spatial information, itself was not a reliable predictor of
animal location as it varied with trials (Fig. 1E, G, and H).
Next, we tested whether the population activity of mPFC
neurons can be used to decode the animal location. We
used a Bayesian decoder (Towse et al. 2014) to infer the
animal position from the spiking of all recorded principal
neurons. We were able to decode the animal position with
a decoding error (expressed as the distance between the
animal’s actual and decoded locations) well below the
chance level (paired t-test, t10 = −30.327, P = 3.56 × 10−11;
and n = 11 sessions; Fig. 1K and L; and P < 0.001 for the
permutation test of each session). Although the decoding
error was comparable between sample and test segments
(paired t-test, t10 = 0.56, P = 0.59; and n = 11 sessions) and
between left and right segments (paired t-test, t10 = 1.48,
P = 0.170; and n = 11 sessions), it was smaller in for-
ward than in back segments (paired t-test, t10 =−3.863,
P = 0.003; and n = 11 sessions; Fig. 1M). These results
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Fig. 1. Spatially biased firing of mPFC neurons in the DNMTP task. Mice of 8-week old were implanted with a bundle of tetrodes in the mPFC and trained
in the T-maze for the DNMTP task 2 weeks later. A) Diagram of the DNMTP task. B) Experimental schedule. C) The animal’s performance during training
for the DNMTP task; n = 7 mice. D) Representative trajectory of an animal (gray lines), firing location of a neuron in this animal (red dots), and the mean
firing rate map of the neuron. The waveform of the neuron is shown on top as mean ± SEM. Scale bars: time, 500 μs; voltage, 40 μV. E) Representative
raster plots of neural spiking (top 4 graphs) and mean firing rate during different task segments (bottom graph) of 1 neuron. X-axis indicates the animal’s
position represented by the distance to the holding area. F) Representative composite firing rate map of all neurons recorded in 1 animal. The cells were
ordered by their peak firing locations in the SLF segment. Color in the firing rate map indicates normalized firing rates. G) PVC between different trials
of the same segment (within-segment) and between different task segments at each position. Lines indicate the average PVC from 11 sessions from 7
mice. H) PVC averaged across all positions for the within-segment, sample vs. task, and forward vs. back comparison, and across the positions in the
center or branch arm for the left vs. right comparison. Each circle represents 1 session; n = 11 sessions from 7 mice. I) Spatial information content and J)
mean firing rate of all neurons in designated task segments presented as violin plots illustrating kernel probability density, i.e. the width of the outlined
area represents the proportion of the data located there. Red line is median and black line is mean; n = 541 neurons from 7 mice. K) Representative
actual (black) and decoded (red) animal positions in each task segment in 1 animal. L) Decoding error resulting from using recorded neural spiking
and shuffled spiking data. Each circle represents 1 session; n = 11 sessions from 7 mice. M) Decoding error of designated task segments. Each circle
represents 1 session; n = 11 sessions from 7 mice. N) Decoding error as a function of the number of neurons used in decoding. Data are presented as
mean ± SEM in C, G, H, L–N). ∗∗ P < 0.01 and ∗∗∗ P < 0.001.

indicate that the population activity of mPFC neurons
represents the animal location and that the coding accu-
racy is higher during running towards rewards than dur-
ing running back.

To examine the relation between the number of mPFC
neurons and coding accuracy, we decoded animal loca-
tions from randomly selected subsets of recorded cells
with different cell numbers. The resulting decoding error
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vs. cell number plot can be fitted with a 2-term exponen-
tial function with τ 1 = 8.0 and τ 2 = 324.0. The fitted curve
had a steep downward trend before the neuron number
reached ∼20 (Fig. 1N). Adding more neurons after this
point only slightly decreased decoding error (Fig. 1N).

The above decoding was based on trials that the ani-
mal made correct choice. We also examined the coding of
animal locations in the wrong-choice trials. The decoding
error was significantly higher in wrong-choice trials than
in correct-choice trials (paired t-test, t10 = 2.47, P = 0.033;
and n = 11 sessions; Supplementary Fig. 2), but it was
still much lower than the chance level (paired t-test,
t10 = −10.56, P = 9.62 × 10−7, and n = 11 sessions).

Taken together, these findings show that although the
spikes of individual mPFC neurons contain spatial infor-
mation, the population activity of mPFC neurons encodes
animal location in the DNMTP task more reliably than
single-cell spiking. The population encoding has a higher
accuracy during running to retrieve rewards than after
receiving rewards.

Spatial encoding in the mPFC is enhanced by
working memory
The DNMTP task is a working memory test (Rawlins
and Olton 1982; Korotkova et al. 2010). To test for the
effect of working memory on mPFC’s spatial encoding,
we designed a passive alternation (PA) task in which the
animal alternated the 2 branch arms to enter without
having to use working memory (Fig. 2A). In each trial, one
of the branch arms was open, the animal ran into it to
receive water rewards, then returned to the holding area.
After the animal was retained in the holding area for
10 s, only the other branch arm was opened to allow the
animal to enter and receive water rewards. The intertrial
interval was 10 s.

The PA test was conducted on the day after recording
in the DNMTP task (Fig. 2B). Five hundred twenty four
putative principal neurons were isolated from recordings
of 10 sessions in 6 mice during the PA task. Since the
PA task had no sample or test phase, it was divided
into 4 segments (LF, LB, RF, and RB) by the branch arm
entered (L/R) and running direction (F/B). mPFC neurons
exhibited location-selective firing in the PA task as in the
DNMTP task (Fig. 2C). The firing rate map was different
between the left and right segments and between the
forward and back segments as revealed by PVC (1-way
repeated measures ANOVA, f = 139.36, P = 9.04 × 10−13;
post-hoc Bonferroni test: between left and right in branch
arm vs. within-segment, P = 0.006; between forward and
back vs. within-segment, P = 6.84 × 10−7; and n = 10 ses-
sions; Fig. 2D–F).

Spatial information content was comparable in left
and right segments (Wilcoxon signed-rank test, z = −0.80,
P = 0.42; and n = 524 neurons), but was higher in
forward than in back segments (Wilcoxon signed-rank
test, z = −4.84, P = 1.30 × 10−6; and n = 524 neurons;
Fig. 2G). The mean firing rate was indistinguishable
between segments (Wilcoxon signed-rank test: left vs.

right, P = 0.65; forward vs. back, P = 0.26; and n = 524
neurons; Fig. 2H). We were able to decode the animal
location from the population activity of recorded neurons
by using the Bayesian decoder (paired t-test, t9 =−18.12,
P = 2.16 × 10−8; and n = 10 sessions; P < 0.001 for the
permutation test of each session; Fig. 2I). The decoding
error for left and right segments was similar (paired t-
test, t9 = 0.53, P = 0.61; and n = 10 sessions), but lower for
forward than for back segments (paired t-test, t9 =−3.32,
P = 0.009; and n = 10 sessions; Fig. 2J). The curve for
decoding error vs. cell number can be fitted with a 2-term
exponential function (τ 1 = 11.5 and τ 2 = 304.9; Fig. 2K).

To test for the effect of working memory on spa-
tial encoding, we examined neurons that were recorded
during both PA and DNMTP. These neurons exhibited
different firing rate maps in the DNMTP and PA tasks
(Fig. 3A and B) and a lower PVC between DNMTP and PA
than that between segments within the same task (1-way
repeated measures ANOVA, f = 180.01, P = 6.63 × 10−10;
post-hoc Bonferroni test: within-DNMTP vs. within-PA,
P = 0.092; within-DNMTP vs. between DNMTP and PA,
P = 7.50 × 10−8; within-PA vs. between DNMTP and PA,
P = 1.68 × 10−6; n = 10 sessions; Fig. 3C and D). The spatial
information content of the same mPFC neurons was
higher in the DNMTP task than in the PA task (Wilcoxon
signed-rank test, z =−3.54, P = 4.07 × 10−4; and n = 319
neurons; Fig. 3E). There was no significant difference
between the DNMTP and PA tasks in the mean firing rate
(Wilcoxon signed-rank test, z = 1.39, P = 0.16; and n = 319
neurons; Fig. 3F). The decoding error for animal locations
from the same population of neurons was lower in the
DNMTP task than in the PA task (paired t-test, t9 =−3.445,
P = 0.007, and n = 10 sessions; Fig. 3G).

Taken together, these results indicate that the spikes
of mPFC neurons contain more spatial information and
that mPFC neural populations encode animal locations
with higher accuracy in the DNMTP than in the PA task.
Hence, working memory increases mPFC’s spatial encod-
ing capability.

Spatial encoding in the mPFC is enhanced by
reward
Both the DNMTP and PA testing showed that the spikes
of mPFC neurons contain more spatial information and
that the mPFC better encodes animal location in forward
segments than in back segments. Forward and back seg-
ments differed in reward status with the reward being
a goal in forward segments and a past event in back
segments. To test whether reward affects the spatial
encoding of mPFC neurons, we conducted a free-running
task in which animals run in the T-maze with only 1
branch arm open and all water spouts blocked (Fig. 4A).
The free-running task was similar to the PA task except
for the lack of reward. The animal first explored the left
and center arms for 10 min, then the right and center
arms for 10 min. Animals were recorded in the free-
running task on the day after PA testing (Fig. 4B).
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Fig. 2. Spatially biased firing of mPFC neurons in the PA task. Mice were recorded in the PA task on the day after they were recorded in the DNMTP task.
A) Diagram of the PA task. B) Experimental schedule. C) Representative raster plots of neural spiking (top 3 graphs) and mean firing rate during different
task segments (bottom graph) of 1 neuron. X-axis indicates the animal’s position represented by the distance to the holding area. D) Representative
composite firing rate map of all neurons recorded in 1 animal. The cells were ordered by their peak firing locations in the LF segment. Color in the
firing rate map indicates normalized firing rates. E) PVC between different trials of the same segment (within-segment) and between different task
segments at each position of a task segment. Lines indicate the average PVC from 10 sessions from 6 animals. F) PVC averaged across all positions for
the within-segment and forward vs. back comparison, and across the positions in the center or branch arm for the left vs. right comparison. Each circle
represents 1 session; n = 10 sessions from 6 mice. G) Spatial information content and H) mean firing rate of all neurons in designated task segments
presented as violin plots illustrating kernel probability density. Red line is median and black line is mean; n = 524 neurons from 6 mice. I) Decoding error
resulting from using recorded neural spiking and shuffled spiking data. Each circle represents 1 session; n = 10 sessions from 6 mice. J) Decoding error
of designated task segments. Each circle represents 1 session; n = 10 sessions from 6 mice. K) Decoding error as a function of the number of neurons
used in decoding. Data are presented as mean ± SEM in E, F, I–K). ∗∗ P < 0.01 and ∗∗∗ P < 0.001.

mPFC neurons displayed spatially biased firing during
the free-running task (Fig. 4C and D). Like in the
DNMTP and PA tasks, PVC between the left and right

segments in the branch arms as well as PVC between
forward and back segments were lower than the
within-segment PVC (1-way repeated measures ANOVA,
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Fig. 3. The effect of working memory on the spatial encoding of mPFC neurons. Spatial encoding was compared in neurons tracked in the DNMTP and
the PA task. A) Representative raster plots of neural spiking (top 2 graphs) and mean firing rate during different tasks (bottom graph) of 1 neuron. X-axis
indicates the animal’s position represented by the distance to the holding area. B) Representative composite firing rate map of all neurons recorded in
1 animal, which are tracked in DNMTP and PA task. The cells were ordered by their peak firing locations in the DNMTP task. Color in the firing rate
map indicates normalized firing rates. C) PVC between different trials of the same task (within-DNMTP and within-PA) and between the DNMTP and
the PA task at each position. Lines indicate the average PVC from 10 sessions from 6 mice. D) PVC averaged across all positions for the within-DNMTP,
within-PA, and between DNMTP and PA comparison. Each circle represents 1 session; n = 10 sessions from 6 mice. E) Spatial information content and
F) mean firing rate of all neurons in designated tasks presented as violin plots illustrating kernel probability density. Red line is median and black line
is mean; n = 319 neurons from 6 mice. G) Decoding error of DNMTP and PA task. Each circle represents 1 session; n = 10 sessions from 6 mice. Data are
presented as mean ± SEM in C, D, and G). ∗∗ P < 0.01 and ∗∗∗ P < 0.001.
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Fig. 4. Spatially biased firing of mPFC neurons during animal free-running in T-maze. Mice were recorded in the free-running on the day after they were
recorded in the PA task. A) Diagram of the free-running. B) Schedule of behavioral training. C) Representative raster plots of neural spiking (top 3 graphs)
and mean firing rate during different task segments (bottom graph) of 1 neuron. D) Representative composite firing rate map of all neurons recorded in
1 animal. The cells were ordered by their peak firing locations in the LF segment. Color in the firing rate map indicates normalized firing rates. E) PVC
between different trials of the same segment (within-segment) and between different task segments at each position. Lines indicate the average PVC
from 10 sessions from 6 mice. F) PVC averaged across all positions for the within-segment and forward vs. back comparison, and across the positions in
the center or branch arm for the left vs. right comparison. Each circle represents 1 session; n = 10 sessions from 6 mice. G) Spatial information content
and H) mean firing rate of all neurons in designated task segments presented as violin plots illustrating kernel probability density. Red line is median
and black line is mean; n = 470 neurons from 6 mice. I) Decoding error resulting from using recorded neural spiking and shuffled spiking data. Each
circle represents 1 session; n = 10 sessions from 6 mice. (J) Decoding error of designated task segments. Each circle represents 1 session; n = 10 sessions
from 6 mice. K) Decoding error as a function of the number of neurons used in decoding. Data are presented as mean ± SEM in E, F, I–K). ∗∗ P < 0.01 and
∗∗∗ P < 0.001.
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f = 16.96, P = 2.32 × 10−5; post-hoc Bonferroni test:
between left and right in branch arm vs. within-segment,
P = 0.003; between forward and back vs. within-segment,
P = 1.74 × 10−4; and n = 10 sessions; Fig. 4E and F). The
mean firing rate was comparable between segments
(Wilcoxon signed-rank test: left vs. right, z = −0.58,
P = 0.56; forward vs. back, z = −1.89, P = 0.059; and n = 470
neurons; Fig. 4H).

However, unlike the DNMTP and PA tasks, individual
neurons’ spatial information contents and the decoding
error of animal location from population activities were
comparable in all task segments (Spatial information
content: left vs. right, z =−0.59, P = 0.555; forward vs.
back, z = −0.17, P = 0.866; n = 470; Wilcoxon signed-rank
test. Decoding error: left vs. right, t9 = 0.46, P = 0.66;
forward vs. back, t9 = −1.24, P = 0.25; n = 10 sessions;
paired t-test; Fig. 4G, I–K).

To test for the effect of reward on spatial encoding,
we examined neurons that were recorded in both the
PA and free-running tasks. PVC between PA and free-
running was lower than that of within-task segments (1-
way repeated measures ANOVA, f = 92.6, P = 3.85 × 10−10;
post-hoc Bonferroni test: between PA and free-running
vs. within-PA, P = 2.01 × 10−6; between PA and free-
running vs. within-free-running, P = 4.45 × 10−6; n = 10
sessions; Fig. 5A–D), indicating that the same neuron
has different firing rate maps in PA and free-running
tasks. The spike of mPFC neurons contained more spatial
information (Wilcoxon signed-rank test, z = −2.94,
P = 0.003; and n = 313 neurons; Fig. 5E), and the mPFC
population activity encoded the animal location with
smaller errors (paired t-test, t9 = −3.52, P = 0.007; and
n = 10 sessions; Fig. 5G) in PA than in free-running
testing. The mean firing rate was lower during the PA
than during the free-running task (Wilcoxon signed-
rank test, z = 2.28, P = 0.022; and n = 313 neurons;
Fig. 5F).

To test whether distance to the reward location affects
mPFC spatial encoding, we divided the forward segments
of all 3 tasks into 2 parts of equal length, one proximal
to the reward and the other one distal to the reward,
then calculated decoding error for each part separately.
Decoding error was significantly larger in the distal part
than in the proximal part during the DNMTP and PA tasks
(paired t-test: t10 = 2.95, P = 0.015, and n = 11 sessions in
DNMTP; t9 = 3.70, P = 0.005, and n = 10 sessions in PA;
Supplementary Fig. 3A and B), but it was comparable in
the 2 parts during free-running, which was not provided
with rewards (paired t-test, t9 = 1.34, P = 0.21; and n = 10
sessions; Supplementary Fig. 3C). These findings indicate
that location decoding is more accurate when the animal
is closer to rewards.

Taken together, these findings indicate that reward
increases individual neurons’ spatial information con-
tents and the neural population’s spatial encoding accu-
racy in the mPFC.

Discussion

The mPFC receives a broad range of sensory, spatial,
and emotional information and has been implicated in
such high-level cognitive functions as executive control,
decision making, attention, and emotional regulation
(Euston et al. 2012; Dixon et al. 2017). In this study, we
examined the properties of spatial encoding in the mPFC
during different behavioral tasks. Our results show that
the population activity of mPFC neurons encodes the ani-
mal location regardless of working memory and rewards.
However, working memory and reward-seeking increase
coding accuracy and the spatial information content of
neural spikes.

Some studies have detected spatially selective firing of
mPFC neurons. Jung et al. reported that a small number
of mPFC neurons display arm-specific firing in an 8-arm
radial maze test or have higher firing rates on one side
of the track in a figure-8-track test (Jung et al. 1998).
Spellman et al. and Yang et al. found that mPFC neurons
can distinguish the left and right goal arms in a spa-
tial delayed alternation task (Yang et al. 2014; Spellman
et al. 2015). Poucet and Gemmell reported that the firing
of mPFC neurons in non-working memory tasks is not
place-selective (Poucet 1997; Gemmell et al. 2002); these
findings, however, need validation with larger sample
sizes as only a small number of cells were recorded
in these studies (31 and 42 cells). In addition to the
ambiguity in the literature about the existence of spa-
tially selective mPFC neurons, even fewer studies are on
population coding of spatial position in the mPFC.

We recorded single units in the mPFC of mice while
they performed a DNMTP task to receive water rewards
by using working memory. We used the PVC analysis to
compare the spatial firing rate maps of mPFC neurons
in different branch arms, task phases, running direction,
and reward status. When comparing the right and left
segments, PVC for the branch arm was lower than that
for the center arm. This finding suggests that there is a
behavioral state-independent component in the spatially
biased firing of mPFC neurons as animals were in the
same task phase, running direction, and reward status in
the center and branch arms. Although the task phase has
a limited effect on the spatially selective firing of mPFC
neurons, running direction and/or reward status appear
to have significant effects as PVC between forward and
back segments was low.

Forward and back segments may also have different
working memory loads besides reward status and run-
ning direction. We used the PA and free-running tasks to
tease apart their effects. Although the PA task is rewarded
as the DNMTP task, it does not require working memory.
The free-running task involves neither working memory
nor reward. PVC for the same neuronal population in
the same maze between DNMTP and PA tasks and that
between PA and free-running tasks was low, indicating
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Fig. 5. The effect of reward expectation on the spatial encoding of mPFC neurons. Spatial encoding was compared in neurons tracked in the PA task
and free-running (FR). A) Representative raster plots of neural spiking (top 2 graphs) and mean firing rate during different tasks (bottom graph) of 1
neuron. X-axis indicates the animal’s position represented by the distance to the holding area. B) Representative composite firing rate map of all neurons
recorded in 1 animal, which are tracked in the PA task and free-running. The cells were ordered by their peak firing locations in the PA task. Color in
the firing rate map indicates normalized firing rates. C) PVC between different trials of the same task (within-PA and within-free-running) and between
the PA task and free-running at each position. Lines indicate the average PVC from 10 sessions from 6 mice. D) PVC averaged across all positions for the
within-PA, within-free running, and between the PA task and free-running comparison. Each circle represents 1 session; n = 10 sessions from 6 mice.
E) Spatial information content and F) mean firing rate of all neurons in designated tasks presented as violin plots illustrating kernel probability density.
Red line is median and black line is mean; n = 313 neurons from 6 mice. G) Decoding error of the PA task and free-running. Each circle represents 1
session; n = 10 sessions from 6 mice. Data are presented as mean ± SEM in C, D and G). ∗ P < 0.05, ∗∗ P < 0.01, and ∗∗∗ P < 0.001.
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that spatially selective firing of mPFC neurons is task-
dependent. The forward and back segments in the free-
running task had the same reward status but different
running directions. The low PVC between forward and
back segments in this task indicates that running direc-
tion affects the spatial firing of mPFC neurons.

Although individual mPFC neurons contain spatial
information, the spiking activity of multiple neurons
encodes the animal location more reliably. The relatively
low coding capability of individual mPFC neurons
reflects the origin and impact of hippocampal inputs to
the mPFC. The mPFC receives monosynaptic inputs from
the ventral hippocampus, which is less spatially selective
than the dorsal hippocampus (Ciocchi et al. 2015;
Chockanathan and Padmanabhan 2021). The ventral
hippocampal inputs elicit subthreshold postsynaptic
responses in excitatory mPFC neurons (Marek et al. 2018).
Moreover, the large amount of non-spatial information
relayed to the mPFC by other brain areas may dilute the
spatial information sent by the hippocampus.

In all 3 tasks, firing activities at the neural population
level encoded the animal location. However, mPFC neural
spiking contained a larger amount of spatial information,
and the population activity coded animal locations with
higher accuracy when the task involved working memory
or rewards and when the animal is closer to the reward.
Other task-related information such as decision making
and confidence of choice may also potentially affects the
mPFC location encoding. This is an intriguing topic for
future studies.

The acetylcholine and dopamine systems are poten-
tially involved in the mechanism by which reward
and working memory enhance mPFC spatial encoding.
Acetylcholine plays an important role in arousal,
attention, learning, and memory (McGaughy et al. 2002;
Conner et al. 2003; Záborszky et al. 2018). Dopamine is
involved in motivation, working memory, and reward-
related behaviors (Sawaguchi and Goldman-Rakic 1991;
Wise 2004; Cohen et al. 2012; Mohebi et al. 2019; Wang
et al. 2019; Lee et al. 2021; Tsetsenis et al. 2021).
Cholinergic and dopaminergic synapses on pyramidal
neurons are widely distributed in the rodent prefrontal
cortex (Zhang et al. 2010). The acetylcholine level
in the mPFC increases during training for a spatial
working memory task, and stimulation of muscarinic
M1 receptors in the primate prefrontal cortex modu-
lates working memory performance and neural firing
(Teles-Grilo Ruivo et al. 2017; Galvin et al. 2020). The
extracellular dopamine level in the monkey dorsolateral
prefrontal cortex increases during working memory
(Watanabe et al. 1997). Anticipation of foods evokes
dopamine efflux in the rat mPFC (Ahn and Phillips 2003).
Stimulation of dopamine D1 receptors affects mPFC
neural firing (Vijayraghavan et al. 2007). It is possible
that cholinergic and dopaminergic transmissions in
response to working memory and reward-seeking
influence the firing and therefore, spatial encoding in the
mPFC.

In sum, our study shows that the population activity
of mPFC neurons represents animal location regardless
of the involvement of working memory and reward in
the task, however, working memory and reward-seeking
enhance spatial encoding in the mPFC.
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